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1

x
ij

=
n
,

(2)

∑

(i,j)∈
(S

,N
\
S

) x
ij
≥

1,
S
⊂

N
,

(3)

x
ij
∈
{0,1},

i,j
∈
N

.
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o
d
e

ad
jacen
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b
ased

form
u
lation

.
(1):

A
d
jacen

cy

con
d
ition

;
(2):

R
ed

u
n
d
an

t;
(3):

cy
cle-free

(altern
ative

version
).
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an
n
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g
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+
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e
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k
,

su
ch

th
at

every
n
o
d
e
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ad

jacen
t

to
tw

o
n
o
d
es.]
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(1),
ex

cep
t

for
n
o
d
e

s:
1-tree

relax
ation

.

�

L
agran

gian
relax

(3):
2-m

atch
in

g.


