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Sardinia may not be a panacea for linkage disequilibrium
mapping of common disease genes
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The choice of which population to study in the mapping of com-
mon disease genes may be critical1,2. Isolated founder popula-
tions, such as that found in Finland, have already proved
extremely useful for mapping the genes for specific rare mono-
genic disorders3,4 and are being used in attempts to map the
genes underlying common, complex diseases5–8. But simulation
results suggest that, under the common disease-common variant
hypothesis9–13, most isolated populations will prove no more use-
ful for linkage disequilibrium (LD) mapping of common disease
genes than large outbred populations12. There is very little empir-
ical data to either support or refute this conclusion at present14–16.
Therefore, we evaluated LD between 21 common microsatellite
polymorphisms on chromosome 18q21 in 2 genetic isolates (Fin-
land and Sardinia) and compared the results with those observed
in two mixed populations (United Kingdom and United States of
America). Mean levels of LD were similar across all four popula-
tions. Our results provide empirical support for the expectation
that genetic isolates like Finland and Sardinia will not prove sig-
nificantly more valuable than general populations for LD map-
ping of common variants underlying complex disease.

We genotyped 21 polymorphic microsatellite loci, which map to a
6.5-cM interval on chromosome 18q21, in four large, diabetic fam-
ily data sets (Table 1) and reconstructed 800 unrelated haplotypes
for each. Although the putative type 1 susceptibility locus IDDM6
maps to this region17,18, the pattern of LD in our samples was repre-
sentative of the general population as it was no different from that
observed in affected family-based control19 (AFBAC) data sets
(data not shown). This was not surprising, as any ascertainment
bias introduced would have been minimal because the risk con-
ferred by the putative IDDM6 locus is very small17 (λs=1.1).

Initially, we quantified the LD between all 210 possible pairs of
loci using a multiallelic extension of Lewontin’s standardized
measure of disequilibrium, D´ (ref. 20). The patterns of LD in the
four populations were similar, although mean levels were slightly
elevated in the Finns (Fig. 1). In particular, we observed higher
mean levels of LD in the Finnish data set between markers sepa-
rated by more than 0.5 cM. As LD was at best modest (mean
D´m<0.35) over this distance regardless of the population, this
increase was unlikely to be of significance for mapping disease
genes. Over short distances (<0.5 cM), we observed high levels of

Table 1 • Features and relative locations of 21 microsatellites

Finland Sardinia UK USA

locus no. locus no. locus no. locus no.
Marker cM diversity alleles diversity alleles diversity alleles diversity alleles

D18S851 0.0 0.74 7 0.76 6 0.76 6 0.76 6
D18S484 0.4 0.73 6 0.68 6 0.69 6 0.68 6
AFM318xd5 1.0 0.45 5 0.36 5 0.40 5 0.38 5
D18S1156 1.2 0.59 6 0.61 5 0.59 6 0.57 6
252,16 1.3 0.50 2 0.49 2 0.50 2 0.50 2
88,21 1.5 0.59 10 0.65 10 0.65 9 0.64 9
114,1 2.3 0.76 9 0.76 10 0.73 10 0.74 10
30T7 2.4 0.69 6 0.66 7 0.70 7 0.69 6
129,6 2.5 0.86 14 0.88 14 0.88 14 0.87 14
129,12 2.7 0.60 3 0.54 4 0.56 4 0.57 4
129,11 2.8 0.84 17 0.88 16 0.86 16 0.86 16
IO43,56 2.9 0.86 12 0.85 13 0.86 13 0.87 13
D18S487 3.0 0.82 9 0.79 8 0.80 9 0.80 9
A181,2 3.0 0.41 6 0.32 7 0.47 8 0.47 6
49,22 3.3 0.39 5 0.37 4 0.42 4 0.42 5
296,11 4.3 0.49 2 0.48 2 0.49 2 0.50 2
296,7 4.4 0.70 8 0.78 7 0.74 8 0.77 8
D18S35 4.8 0.68 6 0.66 7 0.69 6 0.70 6
D18S69 5.2 0.75 6 0.79 8 0.78 8 0.77 7
D18S39 5.8 0.76 8 0.80 10 0.79 10 0.80 9
D18S41 6.5 0.67 7 0.71 7 0.66 7 0.68 7

mean value – 0.66 7.3 0.66 7.5 0.67 7.6 0.67 7.4
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LD in all four populations, and the percentage increase in mean
D´m values seen in the Finnish data was small.

We dichotomized each microsatellite to compare our data
with previous results12 (Table 2). The pattern of LD between
these ‘artificial’ biallelic markers mirrored that seen before the
pooling of alleles (Fig. 2). In all four data sets, mean LD decayed
rapidly with increasing distance before reaching a very low or
background level for markers separated by approximately 1 cM
or more. Because Kruglyak12 used d2 as the measure of associa-
tion in his simulations, we also calculated this statistic (Fig. 3).
As expected, the distribution of LD across the four populations
was very similar. In contrast, the actual levels of LD were consid-
erably higher than predicted for comparable single-nucleotide
polymorphisms12 (SNPs), with maximum mean d2 values rang-
ing from 0.24 to 0.29. We had expected the higher mutation rate
at microsatellites to result in lower LD between our ‘artificial’
biallelic markers than between common SNPs. Others21 have
also reported higher levels of LD than those predicted, and it

may be that because these simulations12 were based on a simpli-
fied scenario of population history, they underestimated the
degree of LD that should be expected.

Care is required when drawing general conclusions from indi-
vidual LD studies, as LD is thought to be distributed heteroge-
neously across the genome22. Therefore, the absolute levels of LD
reported here may be less informative than the relative levels across
the four populations. Although we have only surveyed one genome
region, our large set of data lends empirical support to the expecta-
tion that genetic isolates such as Finland and Sardinia will not
prove significantly more valuable than general populations of
European descent for LD mapping common variants that  underlie
common disease12. Neither the Finnish nor the Sardinian samples
studied here displayed greatly elevated levels of LD compared with
those from the UK and USA. The most likely explanation for this
pattern is the introduction of most common variants (>1%) to the
two isolates by multiple founders, such that the recombinational
histories of the variants extend to their origin in the general popu-

Table 2 • Minor allele frequencies after classifying alleles
into two groups

Marker FIN SAR UK USA

D18S851 0.37 0.46 0.45 0.40
D18S484 0.30 0.36 0.41 0.37
AFM318xd5 0.26 0.17 0.23 0.20
D18S1156 0.48 0.41 0.49 0.46
252,16 0.46 0.43 0.49 0.45
88,21 0.37 0.44 0.44 0.43
114,1 0.35 0.32 0.31 0.31
30T7 0.29 0.46 0.40 0.35
129,6 0.24 0.25 0.27 0.26
129,12 0.42 0.32 0.32 0.33
129,11 0.47 0.40 0.44 0.44
IO43,56 0.22 0.19 0.26 0.24
D18S487 0.33 0.29 0.25 0.26
A181,2 0.13 0.08 0.15 0.13
49,22 0.18 0.17 0.21 0.20
296,11 0.42 0.41 0.43 0.46
296,7 0.45 0.43 0.48 0.48
D18S35 0.30 0.26 0.32 0.34
D18S69 0.42 0.50 0.49 0.50
D18S39 0.33 0.21 0.31 0.29
D18S41 0.39 0.42 0.37 0.41

mean value 0.34 0.33 0.36 0.35
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Fig. 1 Relationship between mean level of LD and marker separation for the
four populations studied. Each point represents the average of 10 marker
pairs: ◊, Finland; �, Sardinia; ∆, UK; ×, USA.

Fig. 2 Relationship between mean level of LD and marker separation after clas-
sifying alleles into two groups. Each point represents the average of 10 marker
pairs: ◊, Finland; �, Sardinia; ∆, UK; ×, USA. For each pair of loci the unsigned
absolute value of D´ was calculated.

0

0.2

0.4

0.6

0.8

0 0.2 0.4 0.6 0.8 1
0

0.2

0.4

0.6

0.8

0 0.2 0.4 0.6 0.8 1

0

0.2

0.4

0.6

0.8

0 0.2 0.4 0.6 0.8 1
0

0.2

0.4

0.6

0.8

0 0.2 0.4 0.6 0.8 1

FinlandSardinia

UK USA

marker separation (cM)

lin
ka

ge
 d

is
eq

ui
lib

riu
m

 (
d2 

)

Fig. 3 Distribution of d2 values for marker separations of ≤1 cM. Each open dia-
mond represents an individual d2 value and mean values are represented by
horizontal bars. Both possible values of d2 are plotted for each marker pair.
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lation12. In support of this, we observed almost identical mean
locus diversities across our four data sets (0.66–0.67). Our results
do not exclude the possibility that LD may extend further in other
genetic isolates or sub-isolates14; however, these populations are
likely to be small, making the collection of adequate samples diffi-
cult15. Moreover, although it is likely that some of the genetic vari-
ation underlying common disease can be attributed to relatively
uncommon alleles (<1%) that will be surrounded by higher levels
of LD in populations such as Finland, their low frequency means
that enormous data sets will be required to demonstrate statisti-
cally significant disease associations. Given our results and these
additional considerations, we favour establishing large, well-ascer-
tained collections of clinical material from non-founder popula-
tions such as the UK and from isolated founder populations. These
resources will ultimately help identify many of the common vari-
ants that underlie common disease. Given the current limitations
in throughput and cost for SNP typing, however, present studies
will probably have to focus on identifying those in known func-
tional and positional candidate genes.

Methods
Families. All families in this study were white European or of white Euro-
pean origin and were selected for the existence of at least one type 1 diabet-
ic offspring. The UK data set comprised 264 multiplex families; the USA
data set, 264 largely North American (a few were from Europe itself) multi-
plex families from the Human Biological Data Interchange repository of
type 1 diabetic families (http://www.hbdi.org/). The Sardinian data set
comprised 257 and the Finnish data set, 239 simplex families.

Genotyping and mapping data. Genotyping PCRs for 21 polymorphic
microsatellites were performed and analysed as described23. Primer
sequences for D18S851, D18S484, AFM318xd5, D18S1156, D18S35,
D18S69, D18S39 and D18S41 are available from the Genome Database
(http://www.gdb.org/). We rescued microsatellites 252,16, 296,7, 296,11
and 88,21 using a described PCR-based method17 (mapping data and
primer sequences for these are available on request). Sequences for ampli-
fying all other microsatellite markers have been described17,18. With the
exceptions of D18S35, D18S39 and D18S41, we were able to order all mark-
ers using our own physical contigs18 or the Whitehead YAC contig WC18.4
(http://www-genome.wi.mit.edu/). To establish the best genetic order for
all 21 markers, we used the software Genome Analysis System (http://
users.ox.ac.uk/∼ ayoung/gas.html), which uses a version of the Metropolis
algorithm based on simulated annealing. There were no discrepancies
between the physical and genetic maps. Having ordered the markers, we
double checked all suspect recombination events before using the ASPEX
software (ftp://lahmed.stanford.edu/pub/aspex/index.html) to generate
multipoint maximum likelihood estimates of the map distances.

Haplotype reconstruction. We constructed haplotypes using software avail-
able from our ftp site (ftp://ftp-gene.cimr.cam.ac.uk/pub/software/). Briefly,
for each family we determined the parental origin of the offspring alleles for
all possible loci. Where appropriate we used the genotype information of a
tightly linked adjacent marker to resolve phase. Cases where phase could not
be resolved unambiguously were treated as if the genotype information was
missing. By choosing a random offspring from each family, it was possible to
identify four unrelated chromosomes: the two received paternally and
maternally, respectively, and the two not transmitted to the offspring. Under
the assumption of no recombination, these would be equivalent to the
parental chromosomes themselves. To ensure that we were analysing equiva-

lent information for each marker pair in each of the four populations, we dis-
carded those haplotypes which held no typing information at multiple loci,
such that no more than 10% of the remaining 800 haplotypes were untyped
at any particular locus. We constructed an affected family-based control
(AFBAC) data set for each of the four populations. These comprised haplo-
types selected as described19 for single alleles, with the modification that for
the multiplex UK and USA data sets only non-recombinant chromosomes
could be included. The AFBAC population gave an unbiased estimate of the
population haplotype frequencies19.

Pooling of alleles. To emulate biallelic markers and allow comparisons with
previous results, we classified the alleles at each microsatellite marker into
two groups. Of the 21 microsatellites we studied, 2 were already biallelic
and 10 exhibited a clear bimodal distribution of alleles in all 4 populations.
We grouped the alleles at these 10 loci according to the 2 modes, as we
wanted to maintain ancestral relationships. Alleles at the remaining loci
were approximately unimodally distributed and we classified these into
two groups defined by the two most common alleles central to the distribu-
tion. Where there were discrepancies between the populations as to which
two alleles were the most common, grouping was performed according to
the most consistent pattern. For example, the 6 alleles of D18S851 were
found to be distributed as follows in the UK data set: allele 1, 6.3%; 2,
14.2%; 3, 34.5%; 4, 26.9%; 5, 15.2%; 6, 2.9%. In the USA and Sardinian
data sets, alleles 3 and 4 were also the 2 most common alleles central to the
distribution, but in the Finnish samples allele 2 was the second most com-
mon. On balance, we grouped alleles 1–3 and 4–6 together, respectively.

Statistics. We calculated locus diversity as:

where pi is the estimated frequency of the ith allele at the locus and n is the
number of haplotypes24. We calculated a multiallelic extension of the nor-
malized association measure D´ (ref. 20) as:

where p and q are the observed allele frequencies at the two loci25. For com-
parison with Kruglyak’s study12, we calculated d2 as D2/(f(1 – f))2, where f
represents the frequency of the putative disease variant12. As either locus in
each pair could be assumed to represent a putative disease locus, f could
take the value of either p or q and we calculated both possible values for d2.
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