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Microarray data: 10.000s of hypotheses

Example: Using co-expressed gene clusters
to hunt for cis-regulatory elements
(Nelander 2005)(Nelander 2005)

Many other examples! 
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Takemoto et.al.:Large-scale identification 
of genes implicated in kidney 
glomerulus development and function
He et.al.:Analysis of 15,000 mouse 
glomerular EST and identification of 
novel glomerular enriched genes
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